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| layer | size-in ‘ size-out I kernel Iparam IFLPS |
convl |220x220x3 [110x110x64| 7Tx7x3,2 | 9K [115M
pooll [110x110x64| 55x55x64 |3x3x64,2| O
rmorml| 55x55x64 | 55x55x64 0
conv2a| 55x55x64 | 55x55x64 | 1x1x64,1| 4K | 13M
conv2 | 55x55x64 | 55x55x192 | 3x3x64,1 | 111K |335M
rnorm2| 55x55x192 | 55x55x192 0
pool2 | 55x55x192 | 28x28x192 [3x3x192,2| 0
conv3a| 28x28x192 | 28x28x192 [1x1x192,1| 37K | 29M
conv3 | 28x28x192 | 28x28x384 [3x3x192,1| 664K |521M

pool3 | 28x28x384 | 14x14x384 [3x3x384,2| O

convda| 14x14x384 | 14x14x384 [1x1x384,1| 148K | 29M
conv4d | 14x14x384 | 14x14x256 |3x3x384,1| 885K |173M
convSa| 14x14x256 | 14x14x256 [1x1x256,1| 66K | 13M
convS | 14x14x256 | 14x14x256 |3x3x256,1| 590K |116M
conv6a| 14x14x256 | 14x14x256 [1x1x256,1| 66K | 13M

convb | 14x14x256 | 14x14x256 [3x3x256,1| 590K [116M

poold |14x14x256 | Tx7x256 [3x3x256,2| O
concat | Tx7x256 TxTx256 0
fel TxTx256 | 1x32x128 |maxoutp=2|103M [103M

fc2 1x32x128 | 1x32x128 |maxoutp=2| 34M | 34M
fc7128 | 1x32x128 1x1x128 524K | 0.5M
L2 I1x1x128 1x1x128 0

[total ] | | [140M [ 1.6B |
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T —
type ms'i'f:' l depth | F#1x1 | rij:ci l #3x3 | r_’]i;:; l #5%5 p:::;o(lp) ] params l FLOPS |
convl (Tx7x3,2) | 112x112x64 1 9K 119M
max pool + norm 56x56x 64 0 m3x3,2
inception (2) 56x56x 192 2 64 192 115K 360M
norm + max pool 28x28x192 0 m3x3,2
inception (3a) 28x 28 x 256 2 64 96 128 16 32 m, 32p 164K 128M
inception (3b) 28x28x320 2 64 96 128 32 64 Lo, 64p 228K 179M
inception (3c¢) 14x14x640 2 0 128 256,2 32 64,2 m3x3,2 398K 108M
inception (4a) 14x14x640 2 256 96 192 32 64 L2, 128p 545K 107M
inception (4b) 14x14x640 2 224 112 224 2 64 L2, 128p 595K 117M
inception (4¢) 14x14x640 2 192 128 256 2 64 L2, 128p 654K 128M
inception (4d) 14x14 %640 2 160 144 288 2 64 Lo, 128p 722K 142M
inception (4e) TxTx1024 2 0 160 256,2 64 128,2 m3x3.2 717K 56M
inception (5a) TX7x1024 2 384 192 384 48 128 Lo, 128p 1.6M 78M
inception (5b) TxTx1024 2 384 192 384 48 128 m, 128p 1.6M 78M
avg pool 1x1x1024 0
fully conn 1x1x128 1 131K 0.1IM
L2 normalization 1x1x128 0

[ total 7.5M 1.6B |
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| architecture | VAL |
NNI1 (Zeiler&Fergus 220x220) 87.9% + 1.9
NN2 (Inception 224 x 224) 89.4% + 1.6
NN3 (Inception 160x160) 88.3% £+ 1.7
NN4 (Inception 96 x96) 82.0% 4 2.3
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| jpegq | val-rate |

i — | #pixels | val-rate |

1,600 | 37.8%
20 81.4% ’
6,400 | 79.5%
30 83.9%
14,400 | 84.5%
50 85.5%
25,600 | 85.7%
0 20:1%0 65,536 | 86.4%
90 86.5%
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