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MOSSE | KMOSSE | MILTrack | STRUCK | OAB(1) | SemiBoost | FragTrack | Our method
(51 [13] (3] [11] [9] [10] [1]
FaceOccl | {1.00,7} | {1.00,5) | {0.75,17] | {0.97,8} | {0.22,43} | {0.97,7} | {0.94,7} | {1.00,8}
FaceOcc2 | {0.74, 13} | {0.95,8} | {0.42,31} | {0.93,7} | {0.61,21} | {0.60,23} | {0.59,27} | {0.97,7}
Girl | {0.82, 14} | {0.44,35} | {0.37,29} | {0.94, 10} - - {0.53,27} | {0.90, 12}
Sylv | {0.87,7} | {1.00,6} | {0.96,8} | {0.95,9} | {0.64,25} | {0.69, 16} | {0.74,25} | {1.00,4}
Tigerl | {0.61, 25} | {0.62,25} | {0.94,9} | {0.95,9} | {0.48,35} | {0.44,42} | {0.36,39} | {0.79, 18}
David | {0.56, 14} | {0.50, 16} | {0.54, I8} | {0.93,9} | {0.16,49} | {0.46,39} | {0.28,72} | {1.00,7}
Cliffbar | {0.88,8} | {0.97,6} | {0.85, 12} | {0.44,46} | {0.76,-} - {022,39) | {1.00,5)
Coke Can | {0.96,7} | {1.00,7} | {058, 17} | {0.97,7} | {0.45,25] | {0.78,13} | {0.15,66} | {0.97,7}
Dollar | {1.00,4] | {1.00,4} | {1.00,7} | {1.00, 13} | {0.67,25} | {0.37,67} | {0.40,55} | {1.00,6}
Twinings | {0.48, 16} | {0.89, 11} | {0.76, 15} | {0.99,7} | {0.74,-} - {0.82, 14} | {0.99,9}
[ mean | {080, 11] | {0.84, 12} | {0.72, 16} [ {091, 12} | {0.53,31] | {0.62,29] | {0.51,37} | {0.97.8} |
| fes| 600 | 100 | 25 [ 11 | 25 [ 25 | 2 | 100 |
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