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Table I: Results on NYU v2 for per-pixel surface normal
estimation, evaluated over valid pixels.

{LowerBetter)  (Higher Better)
Mean  Median 11.25° 22.5° 30°

Our Network 269 148 420 61.2 68.2
Stacked CNN [7] 23.7 155 392 62.0 711
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IDP(MW)[9) 363 192 392 529 578
ADP (V) 353 312 164 36.6 482

It T BT 2, 4R R 2% R e

R ) (KRG 2544 o 43 G, £ 7 THI P 4

M T N ) S LT B
L 3 BT 1A b 2 a5 R
ERSA. T, RS RE
e8] 7 iX ey . 280, el
MR R T, B i T
HE N T e BB T RV RRE A
P9 2% TR A7 B 47 (2D B89 P9 T — ) A
i 3 ELT R [ARAE) , s EARAE P
A RAN THRIR Rt ik . 2R10, — B
[ 2% 458 Y320 25 b 25 (EE AN B2 1 1 i
At EVE R ITA 25) it G A A
EREME, BAER 2 F— K
LB T LA

Table 2: Ablative Analysis

Mean Median 11.25° 22.5° 30°

Full 269 148 420 61.2 68.2
Full w/o Global 288 177 346 57.8 66.0
Fusion (+VP) 273 156 402 60.1 67.5
Fusion (+Edge) 278 164 375 594 674

Fusion (+Layout) 27.7 16.0 388 599 674
Fusion 279 166 374 592 67.1
Local 340 251 256 464 56.2
Global 309 208 314 523 605
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