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Method FID| | FVD | | CSIM T

HeadGAN w/o network F' | 63.3 473 0.307
HeadGAN w/ landmarks 55.7 371 0.699
HeadGAN w/o audio input | 55.1 356 0.687
Head GAN 50.9 334 0.716
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(a) Significance of dense flow network I in image quality.
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(source) (target) w/ landmarks

HeadGAN

(b) The identity preservation problem becomes prominent when condition-
ing on facial landmarks, instead of the 3D face representation.
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